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%m;»ﬁ%éj C (AUC: BWFEERER)

Technique Low-level High-level Complete

BDT 0.73 (0.01) 10.78 (0.01) 0.81 (0.01)

NN 0.733 (0.007) 0.777 (0.001)  0.816 (0.004)
Emz® DN 0.880(0.001) 0.800 (< 0.001) 0.885 (0.002)
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