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Multilayer Perceptron(MLP) Convolutional NN (CNN) Recurrent NN(RNN)
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EdgeConv for particle flow: 2003.08863, 2003.11603
(EdgeConv: MPNNOD—7&(PointCloud, ParticleNet))
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Set-to-graph for secondary vertex finding: 2008.02831 V-

DeepSets

c\oi w/ attention g

P

Node block Global block Edge block

Edge .
Jet ljj Il:l:lljj Classification Partition
@)
o
o
Q

« TV RNDMSYVIZ

primary vertex, secondary vertex(CJ34R

Voo
BN NN = 0 =0

A J—F bovD pT, eta, phi, d0, z0, g = . g
=3 = + = . %z hidd (n—=1)2
Hjjj Ly I\ i 05{1 IE" L/VG rteXEE;E_C 35 5EE_'_ Riracks % Finput reprelsenigtion track pairs ! (:dge)
D E'a'f‘?ﬁ X dyidden (edges) scores

43


https://arxiv.org/abs/2002.08772

D573y NO—2DHEPTDILRH) 20IRT (x8)

GNN for Tracking: 2003.11603
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Message Passing Neural Network for stop search: JHEP08(2019)055

* Supersymmetric top 1#3%
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Message Passing Neural Network for stop search: JHEP08(2019)055

* Supersymmetric top 1#3%
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Data Augmentation
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