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Previous strategy

Vertex Candidate Track ] Judge whether a vertex candidate is an existing
\ 4 vertex or not as node classification.
Graph Neural Network
Base \
[ Vel:tex Track ] Vertex 1 E> l th o
v
Contrastive LearningJ D(G(Xa), G(Xb))
l Vertex 2 E> | ﬁ:l G(Xb) :
[ Vertex Track ] S
G(Xb)
l Deep Metric learning brings Vertexes of the
Graph Neural Network \ same parent particle closer together. /
v

Graph(Flavor) Class
\( Classify the entire graph into flavor types ]

B : Graph data




Another strategy

Over view of network

“Input (ttrackinode) || - Category label
L (ool itrogh
2. ¢ 1. PV 1. bb
3. w 2. SVBB 2. cC
4. Z 3. SVCC 3. uudd
5 tanA 4. TVCC Graph Neural Network
6. Uncertainty of d, 5. Others
7. Uncertainty of z,

- Loss function Node -

Liotat = LFrigvor T Alyertex classification Graph classification

N etw OI'k Network

(Computationally convenient because of the same input) Output Output
- Can account for track classification and graph (track origin vertex) (Flavor)

- Track-only homo-graphs can be constructed

classification losses at the same time (even vertex)

Track classification Flavor Tagging
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Preliminary
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Preliminary result

c-tag efficiency

b-tag efficiency
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Tagging efficiency

Not well plotted...



